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The Effects of Group-Level and Individual Contributions
on Business Simulation Team Performance
Kristin Backhaus and Karl Heiner
School of Business, State University of New York at New Paltz, New Paltz, New York, USA

Studies of team performance in business simulations have not
investigated the effect of a “star member” of the team on team
performance outcomes. This article reports the findings of a study
examining the role of team composition variables, team function
variables and the effect of a star player on team score in an undergraduate business simulation. As hypothesized, team performance
is associated with the performance of a single outstanding player.
Among team composition variables, only intrinsic motivation of
team members is associated with team score. A composite measure of team function that included team trust, communication
and goal clarity was also significantly related to team performance.
We discuss the implications of this for team projects and business
simulations in particular. Organization Management Journal, 11:
172–179, 2014. doi: 10.1080/15416518.2014.938856
Keywords team performance; business simulations; personality;
motivation

Team projects are an enduring component of management education because they mirror an increasingly team-based work
environment (Kidder & Bowes-Sperry, 2012). Collegiate teamwork experience is highly valued by employers, as it provides
students with valuable skills (Chen, Donahue, & Klimoski,
2004; O’Connor & Yballe, 2007). The team experience exposes
students to the challenges of setting group goals, monitoring
progress, enforcing group norms, and working together to produce a final product. Business simulations are a popular form
of team project and are frequently used in strategy, policy, and
senior capstone courses. In most cases, business simulations are
an intensive, semester-long experience. At the same time that
students are learning how to formulate, implement, and control business strategies, they are also competing against other
student teams on a variety of measures including market share,
return on investment, profit, and ultimately, victory as the top
scoring team. Typically, team performance in the simulation
is used as a basis for individual grading and program-level
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assurance of learning (Tate, Maheshwari, Akkihal, & Subedi,
2009).
The emphasis on scoring and team performance in simulations raises the question: What makes some teams more
successful than others? To answer this question, researchers
have examined many variables. One area of inquiry relates to
team composition, the configuration of individual members’
attributes (Bell, 2007). Knowledge, skills, abilities, and attitudes
of team members drive project outcomes (Hackman, 1987).
In addition, as might be expected, personality and values play
a role in predicting team performance (Glew, 2009). A second
area of research explores the role of team functioning, trust,
commitment, and cohesiveness in team performance.
Moreover, the focus on team composition variables suggests that team performance in the simulation is the result of
the efforts of the team as a whole. In other words, performance is based on the sum of the parts of the team. Studies
of team performance in simulations have not taken simulation
task structure into consideration. In her 2007 meta-analysis of
team composition variables as predictors of team performance,
Bell suggests that task structure is an important consideration.
The way in which work is distributed to team members may be
a key underlying element to consider when looking for clues
to team performance. In fact, depending on the structure of the
task, the contribution of one highly talented team member alone
may actually have a greater effect on team outcomes than teamlevel variables (Nihalani, Wilson, Thomas, & Robinson, 2010;
Steiner, 1972; Volmer & Sonnentag, 2011). The effect of a single high-performing team member has not been explored in the
literature on team performance in simulations, and this study
seeks to fill that gap in the literature. Specifically, this study
explores team composition, team function, and the effect of a
single high-performing team member on team performance in a
business simulation.

CONCEPTUAL FRAMEWORK
Business Simulations
Business simulations are used in management programs in
higher education to acquaint students with real-world business
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situations (Stephen, Parente, & Brown, 2002). Participants complete a series of decisions framed within a set of rules, some of
which are evident at the outset, while others become apparent
after a few rounds of trial and error. To be successful, participants must develop a strategy that allows them to maximize
returns and outperform competing teams (Arias-Aranda, 2007).
Learning is reinforced each round as participants analyze results
and plan new tactics. Studies of simulation learning outcomes
suggest that simulations are an effective method to demonstrate
the difficulty of developing and executing business strategies
(Anderson & Lawton, 2009). The hands-on nature of simulations also enhances the likelihood of transfer of these training
outcomes to the business world (Anderson & Lawton, 2009).
The popularity of business simulations speaks to the underlying assumption that success in a business simulation is correlated with business success. Longitudinal studies reveal a
relationship between simulation success and business success
5 years later as measured by salary level, salary improvement,
and number of promotions (Wolfe & Roberts, 1986; Wolfe
& Roberts, 1993). The expectation of a relationship between
simulation success and business success makes it even more
important to understand the predictors of success.

Performance in Business Simulations
This study focuses on team composition and individual
characteristics and their role in business simulation performance. The research on predictors of performance in business simulations can be organized into two broad categories,
research on simulation administration and research on student
characteristics. Early research focused mostly on simulation
administration. Findings suggested that teams outperform individual players (Nielsen, 1975), smaller teams outperform larger
teams (Hoover, 1976), debriefing results improves performance
(Hodgetts & Kreitner, 1975), and interdisciplinary instruction
improves performance (Clark, Gjerde, & Skinner, 2003). More
recent research has focused on student characteristics, and is
based on the literature on student academic performance and
team performance indicators. This study employs the findings
from this stream of research, together with the literature on team
composition and task structure, to examine variability in team
performance.
The most consistent predictor of student performance in
business simulations is previous academic performance (Wolfe
& Box, 1986). Grade-point average is related to individual and
team simulation performance in general (Wellington & Faria,
1996), and has been shown to account for variations in technical and administrative task performance (Hattrup, O’Connell, &
Wingate, 1998).
Team composition, in terms of aggregated personality
attributes, also has been explored as a possible determinant of
simulation performance. There has been considerable research
in this area because consistent findings with regard to important personality characteristics could be used to compose
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effective teams. Personality, in particular the Five Factor Model
(FFM), has been shown to explain variability in team performance (Barrick, Stewart, Neubert, & Mount, 1998; Barry &
Stewart, 1997). Of the five factors, conscientiousness has the
strongest relationship to vocational success (Beaujean et al.,
2011) and is strongly related to academic achievement (Busato,
Prins, Elshout, & Hamaker, 1999; Cheng & Ickes, 2009;
Poropat, 2009). In team settings, conscientiousness has predicted performance in military and aviation crews (English,
Griffith, & Steelman, 2004; Halfhill, Nielson, Sundstrom, &
Weilbaecher, 2005). In a study of student engineering design
teams, conscientiousness was related to team performance
(O’Neill & Allen, 2011). Studies of the remaining four factors, agreeableness, neuroticism, openness to experience, and
extraversion, have yielded few consistent results.
Motivation has been explored also as a predictor of team performance in simulations. Motivation is related to academic performance and achievement (Green, Nelson, Martin, & Marsh,
2006); intrinsic motivation, in particular, is tied to academic performance (Deci & Ryan, 1985). In a meta-analysis of cognitive
underpinnings of team performance, DeChurch and MesmerMagnus (2010) found that team motivational states are related
to team performance. However, research on business simulations has yet to find any consistent relationship between
motivation and performance (Faria, 2001).
Competitiveness, as a team attribute, has also been suggested
as a possible predictor of team performance. In a review of
research on business simulations, Gosen and Washbush (1997)
proposed that degree of team competitiveness was one of the
variables most likely to predict team simulation performance.
Wellington and colleagues (2009) found that more competitive
students had better performance in a marketing simulation than
less competitive students. Team functioning, apart from personal attributes, plays a role in team performance. A number
of different elements of team function have been examined.
First, team cohesiveness has been shown to relate to simulation performance, with more cohesive teams having better
performance (Wellington & Faria, 1996). Second, team commitment to learning goals was positively related to simulation
performance (Seijts & Latham, 2010). . Research has found
that team trust is related to team performance in general (Dirks,
1999; Jarvenpaa & Leidner, 1999), but research on business
simulations has not found this connection (Boies & Howell,
2006).
To summarize thus far, both team composition and team
functioning antecedents have been proposed to affect business
simulation performance, but have not been explored sufficiently
to provide a clear understanding of their role in predicting
performance outcomes. Based on the review of the literature
previously provided, the following hypotheses are offered:
H1: Previous academic performance as measured by gradepoint average will be positively related to team business
simulation score.
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H2: Conscientiousness will be positively related to team business simulation score.
H3: Intrinsic motivation will be positively related to team
business simulation score.
H4: Competitiveness will be positively related to team business
simulation score.
H5: Team cohesiveness will be positively related to team business simulation score.
Team trust and commitment to learning goals have also
been shown to relate to simulation performance. In his research
on high-performing teams, Yorks (1999) developed a holistic
measure of team function that includes goal consensus and
commitment, trust, and communication. This “high-performing
team” measure captures the elements that have been shown to
relate most strongly to team performance. On that basis, the
following hypothesis is offered:
H6: Team business simulation score will be positively related
to the team’s score on the “high-performing team”
measure.

Effect of “Team Star”
To understand why some teams have better outcomes than
others, we can also look at task structure within team settings
(Bell, 2007). Additive tasks are those in which team performance is equal to the sum of the team’s parts. In other words,
participants’ efforts build on one another, with each making
a contribution. Compensatory tasks are those in which the
work of lower performers can be offset by higher performers.
Disjunctive tasks are those in which one team member can
essentially solve the team’s problem for them, while conjunctive tasks are those in which the team is so interdependent on
every member that they are at the mercy of the “weakest link”
(Bell, 2007).
The assumption that team composition variables will play a
strong role in predicting team performance would most logically pertain to tasks that are additive or conjunctive. However,
not all team projects, including simulations, rely entirely on
additive or conjunctive task structures. In some cases, it may
be possible for one team member to do the work of weaker
members, or to strongly influence task performance by driving
decision making and solving team problems. In these circumstances, a team’s performance is driven by the contribution of
their most outstanding team member. Therefore, the team with
the strongest individual performer or “team star” will have the
strongest overall team performance.
When forming teams, it is not necessarily possible to predict
who will emerge as a team star. Research on collaborative learning in teams suggests that even within apparently homogeneousability-level teams, certain individuals may emerge and be
perceived by their team members as more highly skilled
(Nihalani et al., 2010). As the learning process continues,

these individuals develop greater ability, receive greater deference on the part of their teammates, and can have a disproportionate effect on team outcomes (Fogarty & Pete, 2007).
This team star becomes easy to identify at the end of the
process when we can observe the person’s individual-level
ability in the task. Again, based on the nature of the task,
this team star’s individual ability may have an effect on the
overall team performance. On this basis, we advance a competing hypothesis to our preceding hypotheses. In this case we
predict:
H7: There will be a positive relationship between the team
star’s simulation performance and overall team simulation
score.

METHOD
Study Setting
This study employs the use of Capstone, a business simulation designed for strategic management or business policy
courses by Capsim Management Simulations. Students are
assigned to teams to run a business in the electronic sensor industry. Teams were formed by the instructor ensuring
that each team had a representative of the finance, accounting,
management, and marketing majors. No other individual characteristics were used to form teams other than major. Nearly
every team had five members; teams of four occurred only twice
in this sample, and those were a result of a last-minute course
withdrawal. For this study, five undergraduate teams competed
against each other in a single industry. Seven separate class sections (industries) were included in the sample, totaling 35 teams.
Of the participants, 59% were female. Students completed four
practice rounds of play and eight competition rounds. In each
round, students were required to apply their strategy and use
data provided by the simulation to make decisions on research
and development, marketing, production, and human resources.
Results were produced weekly, and students used this data to
drive their next set of decisions. Teams were able to allocate
tasks in any way they wished, as long as a set of decisions
was submitted before the deadline each week. There were no
individual assignments within the decision framework and there
was no way for the instructor to track the way in which the decision was reached. Participation in the simulation was required,
and students were graded on their team’s final simulation score.
Near the end of the semester, students were asked to complete
an online survey that included the measures that are described
in the following.
The dependent variable, performance on the simulation
(team simulation score), was measured using a balanced scorecard approach including measures of profit, market share, stock
price, market capitalization, return on sales, return on equity,
and asset returns. All teams were scored using the same criteria
with the same weights.

BUSINESS SIMULATION TEAM PERFORMANCE

At the completion of the simulation, students were then
required to do the same type of simulation again on an
individual basis. This four-round individual simulation is called
Comp-XM and is used as an assessment exam to measure
student achievement in finance, marketing, production, and
human resources. Students were given two weeks to complete this, could work at their own pace, and were expected
to work on this simulation alone. Individual students competed
against computer-generated firms that utilize artificial intelligence to make decisions. Scoring of the individual simulation
was consistent with the scoring of the team-based simulation.
One particular challenge faced in team composition studies is the operationalization of the variables (Bell, 2007).
This study examines the effects of conscientiousness, intrinsic
motivation, grade-point average, competitiveness, and highperforming team characteristics, all of which are measured at
the individual level, while our interest lies also at the team level.
It is important to use an appropriate method of aggregating the
variables to the team level to examine their effect on team performance. For tasks that are additive or compensatory in nature,
team mean is an accepted operationalization of individual-level
variables aggregated to the team level (Bell, 2007; Glew, 2009).
Because we are basing hypotheses 1–6 on the idea that the simulation task can be performed in an additive structure, we are
using the mean of the individual-level variables as a measure of
the team composition variables.
Measures
Intrinsic motivation was measured using the Situational
Motivation Scale (SIMS) (Guay, Vallerand, & Blanchard,
2000). The SIMS measures intrinsic motivation, identified regulation, external regulation, and amotivation. The intrinsic motivation scale consists of four items that ask participants to rate
the reasons why they are engaging in an activity. Participants
use a 7-point scale ranging from corresponds not at all to
corresponds exactly. Validation studies of the intrinsic scale
of the SIMS report high Cronbach’s alpha reliabilities, above
.90 (Guay et al., 2000). The SIMS intrinsic motivation scale
was shown to be highly correlated with the intrinsic motivation
subscale of the Academic Motivation Scale (Guay et al., 2000).
Conscientiousness was measured using the conscientiousness subscale of the Ten-Item Personality Inventory (TIPI)
(Gosling, Rentfrow, & Swann, 2003). The TIPI consists of five
two-item scales on which participants rate themselves using a
seven-item scale (agree strongly to disagree strongly) for each
of the five personality dimensions. The TIPI is appropriate for
use in situations where the longer Big Five instrument would
make a questionnaire too long to be practicable (Gosling et al.,
2003). In a validation study, convergent validity between the
Big Five Inventory and the Ten-Item Personality Inventory for
the conscientiousness scale was reported to be substantial at .75
(Gosling et al., 2003). Test–retest reliabilities were reported as
acceptable (Gosling et al., 2003).
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Competitiveness was measured using the Competitiveness
Index (CI) (Smither & Houston, 1992), a 20-item instrument
using a true/false scale. The CI has high internal consistency
(Cronbach’s alpha = .90) (Smither & Houston, 1992).
Aspects of team communication, goal consensus, and trust
were measured together using the High Performing Team
instrument (HPT) (Yorks, 1999). The HPT is a seven-item
scale that asks participants to rate their perception of their
team’s function using a six-item scale ranging from very little
to very much. Items correspond with research on team function and include items such as “we have goal clarity,” “we
have ensured that everybody contributes to the discussion,” and
“our discussions have demonstrated a high level of trust in each
other.”
Team cohesiveness was measured using a seven-item scale
used by Tekleab, Quigley and Tesluk (2009) that combines
task cohesion and team social cohesion. In their use of this
combined scale, Tekleab and colleagues (2009) found that the
items loaded on one factor and had high internal reliability
(Cronbach’s alpha = .93). Participants rated team cohesion
using a 7-point scale with 1 as strongly disagree and 7 as
strongly agree. Items included “The members of this team help
each other when working on our project,” “the members of this
team get along well,” and “our team is united in trying to reach
its goals for performance.”
Grade-point average (GPA) was measured on a 4-point scale
and was gathered from a centralized database. GPA was the
cumulative grade-point average at the end of the semester in
which the student took the strategic management course.
“Team star” status was not a characteristic that was identified at the start of the simulation because it is context specific.
According to Nihalani and colleagues (2010), more capable
team members sometimes emerge from the collaborative process and gain a level of expertise that is significantly greater
than that of the other team members. It may not be evident at
the outset which students will have the knowledge, skills, and
abilities to rise to the top of their group. We identified team stars
at the end of the process on the basis of their performance on the
individual simulation exercise consistent with the methodology
used in Nihalani et al. (2009). The individual simulation has
the same rules as the team simulation, uses the same competitive conditions, and is scored in the same way using the same
“balanced scorecard.” Each student plays against the computer
rather than against other “live” players, to ensure an even playing field for all competitors. For each team, the student with the
highest individual score is coded as the team star.
RESULTS
Table 1 presents the means, standard deviations, intercorrelations, and scale reliabilities for the independent and dependent
variables.
The data were analyzed using linear regression to test the
hypothesized relationships. Results of the individual regression
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TABLE 1
Descriptive statistics

1. Team simulation
score
2. GPA
3. Conscientiousness
4. Intrinsic
motivation
5. Competitiveness
6. Cohesiveness
7. High-performing
team
8. Team star score
9. Team star intrinsic
10. Team star
conscientiousness

Mean

SD

1

636.37

129.8

—

2

3

3.20
6.2
18.22

.14
.34
2.92

.08
.22
.43∗∗

—
−.13
−.24

15.97
35.43
35.11

2.75
3.69
3.63

.27
.33∗
.58∗∗

.10
.11
.17

−.13
.06
.20

359.49
19.54
6.37

48.56
5.67
.84

.56∗∗
.38∗
.27

.16
.04
−.14

.10
.27
.23

.50
.42∗∗

4

5

6

7

.84
−.00
.05

.93
.69∗∗

.88

.42
.09
−.02

.18
.36∗
.20

.46∗∗
.54∗∗
.18

8

9

10

—
.32
.17

.90
.28

.50

.90
−.05
.19
.38∗
.29
.60∗∗
.26

Note. Reliability coefficients are in boldface on the diagonal. Significance: ∗ p < .05.

TABLE 2
Individual regression analyses of team score on independent variables (N = 35 teams)
Predictor variable
GPA
Team average conscientiousness
Team average intrinsic motivation
Team average competitiveness
Team average cohesiveness
Team average high-performing team
Team star score
∗∗

β

Std. error

t Value

p

72.57
83.99
18.87
12.87
11.65
20.71
1.499

160.96
64.22
6.99
7.92
5.77
5.08
.561

.45
1.30
2.69
1.62
2.01
4.078
3.891

.66
.20
.011∗∗
.114
.052
.000∗∗
.000∗∗

p < .05.

analyses are displayed in Table 2. Hypothesis 1 proposed that
team grade-point average would be positively related to team
simulation score. Results of regression analysis indicate that
team grade-point average was not related to test score (R2 =
.00, F = .20, p = .66).
Hypothesis 2 proposed that team average conscientiousness
would be positively related to team simulation score. Again, this
was not supported (R2 = .05, F = 1.7, p = .20).
Hypothesis 3 proposed that team average intrinsic motivation would be positively related to team simulation score. This
hypothesis was supported (R2 = .18, F = 7.28, p < .01).
Hypothesis 4, proposing that team average competitiveness
would be positively related to team simulation score, was not
supported (R2 = .07, F = 2.64, p = .11).
Hypothesis 5 proposed that team cohesiveness would be positively related to team simulation score. This was not supported
(R2 = .11, F = 4.07 p = .052).
In hypothesis 6, we expected that the team’s simulation score
would be positively related to its score on the “high-performing

team” measure. This hypothesis was supported (R2 = .33, F =
16.63, p = .00).
In hypothesis 7, we predicted that the team star score would
be positively related to team simulation score. This hypothesis
was supported (R2 = .31, F = 15.14, p = .00).

DISCUSSION
Our study established two types of hypotheses. First, we
advanced an argument that team performance in a business
simulation would be based on team composition factors. Ideally,
work assigned to a team, particularly work that will yield a
grade for all members, should reflect the shared effort of all
team members. Second, we advanced a competing hypothesis that was based on the presumption that team tasks may
have a disjunctive or compensatory aspect, enabling an outstanding team member to strongly influence team performance.
Our results indicate that both team composition factors and
the “team star” effect are related to team score in a business

BUSINESS SIMULATION TEAM PERFORMANCE

simulation. In this section, we discuss the meaning of these
findings and make recommendations for further research.
Interestingly, grade-point average did not predict performance on the simulation. A global measure of overall academic
performance may lack predictive validity for outcomes of a very
specific task like a simulation. Although its aim is to demonstrate functional interdependence and strategy implementation,
Capstone is a highly quantitative program requiring participants
to translate their strategic ideas into numbers. We may find a
stronger link between students’ previous academic performance
in quantitative courses and their performance on Capstone.
Although conscientiousness is typically a strong predictor
of academic performance (Chamorro-Premuzic & Furnham,
2003), it did not play a role in predicting simulation performance in this study. Neither the team conscientiousness mean
nor the conscientiousness of the team star was related to team
score. It is possible that the structure of the simulation, in which
a decision was due regularly each week and teams were given
class time to complete the decision, did not require particularly high levels of conscientiousness. As measured by the TIPI,
conscientiousness is reduced simply to dependability. It would
not measure the more subtle differences among students in their
diligence, or willingness to delve more deeply into the simulation to learn more and compete more aggressively. Perhaps
a more robust measurement of conscientiousness that captures
industriousness and work ethic would have allowed more differentiation among teams and team members (DeYoung, Quilty, &
Peterson, 2007).
Further, competitiveness was not a predictor of team score.
Competitiveness can take many forms, both interteam and
intrateam, making it a potentially divisive factor within a team.
Although not significant, we found a negative relationship
between team cohesiveness and competitiveness. It is possible that competitiveness of team members could undermine
effective team functioning. Future research might investigate
the effect of intrateam competitiveness and its effect on the
willingness of team members to participate at their full capacity.
Intrinsic motivation was clearly related to team performance.
This is consistent with previous research about academic performance (Deci & Ryan, 1985). The situational measure of
intrinsic motivation focuses on reasons for participating in the
task at hand. The items tapped into the extent to which students
found the simulation interesting, fun, and enjoyable. Teams that
enjoyed the activity may have felt more invested in the process
and more interested in seeking effective strategies for winning.
On the other hand, it is possible that intrinsic motivation was
fed by early successes in the simulation, and teams that did well
found the simulation more enjoyable.
Findings regarding intrinsic motivation and its relationship to team performance also suggest that there may be
a person–project fit aspect of team success. Higher levels
of person–environment fit, particularly demands–abilities fit,
are related to higher levels of task performance (KristofBrown, Zimmerman, & Johnson, 2005). Teams that felt highly
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motivated by participating in the simulation may actually have
been experiencing a better fit between their skill set and the
demands of the simulation than other teams. That comfort level
may drive team performance. It would be interesting to measure student perception of the fit between their abilities and the
demands of the simulation midway through the simulation and
see how that relates to their overall performance at the end.
In addition to team composition, we also investigated areas
of team functioning that have been identified as potential predictors of team outcomes. First, we found that team cohesiveness
was not related to team performance. Cohesiveness can drive a
team to work harder for mutual team success, but it can also
impede decision making as a result of groupthink. In observations of team behavior, we found that some of the most cohesive
teams were not the best performers. In fact, it may be that their
group weaknesses and failures united them and created tighter
bonds.
Although team cohesiveness was not a significant predictor,
other elements of high-performing teams were predictive. The
HPT inventory measured three elements: team trust, communication, and goal consensus. Of all predictors measured in this
study, HPT had the strongest relationship to team score. Teams
that expressed high levels of intrateam trust and effective communication scored higher than teams with lower ratings of these
important team elements. This measure also included the degree
to which teams had goal focus and clarity. This is important to
simulation success because team performance depends in large
measure on the ability to develop and stick to a strategy. Teams
that cannot develop an effective strategy or focus their decisions
consistently on that strategy will suffer. Moreover, it appears
that this component of team function correlates the most with
the structure of the task.
The importance of the team star in predicting team performance was a key element of this study. By definition, team stars
were those members of each team that had the highest individual simulation score, as measured at the end of the course.
The mean team star individual simulation score was 359.49
(SD = 48.06), significantly higher than other participants with
a mean of 262.48 (SD = 63.77, t = –8.36, p = .00). Team stars
had a slightly higher GPA than other players overall (3.33 vs.
3.17, t = –2.46, p = .015), but there were no other statistically
significant differences in terms of intrinsic motivation, competitiveness, or conscientiousness. In terms of major, accounting
and management majors were overrepresented in comparison to
their numbers in the class sections, while finance and marketing
majors were underrepresented.
The literature on task structure in team work was instructive in helping to understand the possible role of the team
star. Depending on the nature of the task, it is possible that
team performance can best be predicted by the team maximum
score on a variable, rather than the mean score. Tasks that are
disjunctive or compensatory in nature can be strongly influenced by one outstanding team member (Bell, 2007). We found
that team simulation score was more strongly related to the
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simulation-specific capability of one team member than it was
to most of the team composition factors. This finding validated
the anecdotal observations of the instructor and teaching assistant. We repeatedly observed that the winning teams were not
those that seemed most balanced, collegial, or focused, but
instead were those that had a particularly talented simulation
player. This situation introduces one of the key implications of
this study, which we discuss next.
Simulations have become an important part of many business school programs because they have high levels of perceived
fidelity with regard to the careers that our students will pursue. Further, most simulations are conducted in a team setting
because, again, teamwork is a highly valued aspect of business education. We tend to presume that the tasks within a
simulation require the input of all team members and that the
outcome is representative of the sum of the parts of the team.
However, the results here suggest otherwise. A strong player
can significantly influence the outcome of the competition, and
perhaps even carry the remaining team members through the
experience. Recognizing this possibility, instructors may wish
to more prescriptively assign tasks and deliverables throughout
the simulation that demand the input and participation of each
team member in an identifiable way. Based on these findings,
scoring of team performance might include a wider variety of
factors, including in-class presentations that occur in real time,
necessitating each student to have a solid understanding of the
simulation and its implications.
It would also be interesting to know more about the dynamics of teams that contain one very highly skilled “star” player.
In what way does that player’s specific knowledge, skills, and
abilities affect communication and interaction of the entire
team? Are other players discouraged by their relative lack of
expertise in the simulation? Finally, does the presence of a star
player actually weaken the skills of the other player? Further
research on star players might explore this by tracking specific
team interactions. For virtual teams, chat transcripts would be
an excellent source of information to explore the dynamics of
teams with a highly skilled star player.
It is also important to note that elements of a high-performing
team are also highly predictive of team performance. Instructors
may choose to spend extra time coaching teams in effective goal setting, communication, and development of trust.
Instructors may find that the increased development of highperforming team practices may reduce the impact of a single
highly skilled member, and enable all team members to become
more balanced participants in their overall team output.
This study was not without its limitations. First, the sample size limited the number of predictors that could be included
in the model without the threat of overfitting the model. With
only 35 teams, our ability to generalize is limited. Second, by
administering the survey at the end of the semester, students’
responses to questions about team functions might have been
influenced by their standings in the simulation. It might be better to administer the survey in the middle of the semester, after

teams have become familiar with their members but before the
final results have begun to crystallize. Finally, results regarding conscientiousness may have been affected by the use of the
Ten-Item Personality Inventory rather than the full Five-Factor
inventory.
In conclusion, our findings suggest that there may be more
to team function than the sum of the teams’ parts. While team
communication and trust are important, it is important to continue to investigate the role of individual team members in
driving team performance.
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